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Abstract: Random Forests is a machine learning framework that consists of many decision trees. It can be
categorized as an ensemble classifier in which each decision tree performs as a weak classifier. Since it was
originally developed by Leo Breiman in 2001, it has been applied to various application scenarios including
computer vision. Especially, recent successful results have been attracting researcher’s attention. This report
introduces a generalized definition of Random Forests and discusses important factors when one would like
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to apply it to their purpose.
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